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title—Scientific Inference in Qualitative Research—reveals a much larger agends,
DSI assumes at the outset that qualitative research faces the same problems.
causal inference as quantitative research; that assumption, in turn, forms the basiy
for analyzing causal inference problems in qualitative research as if they -
problems of parameter estimation and significance testing. The solutions to {hé
problems of qualitative research are therefore deemed to be highly similar to those
in quantitative research. Although this is not an entirely new position—Pauj
Lazarsfeld and Morris Rosenberg (1955: 387-91) outlined a similar view more
than forty years ago—its exposition in DS7 is more extensive and theoretically
self-conscious.
I discuss the nature and implications of that assumption. I argue that it is prob-
lematic in ways that are not discussed by DSI and that it is an error to attempt to
squeeze all empirical practice in the social sciences into a quantitative mold. Be:
cause the quantitative worldview embodied in DS is usually not the worldview
that animates case studies, DSI’s approach leads to a series of misconceptions

about the objectives and accomplishments of case studies. These misconceptions

are constructive, however, in the sense that exposing them leads to a clearer notion
not only of the underlying logic behind case studies, but also of the important role
played by other kinds of reasoning and research activity in all domains of investi:
gation—even those dominated by quantitative data analysis. The discussion below

first focuses on issues of philosophy of science and the logic of inquiry, and it then’

explores research practices that exemplify the alternative approaches [ have in
mind. Table 9.1 provides a summary of specific research tools that are employed
in these alternative approaches. :

Philesophy of Science and the Logic of Research

DST’s Philosophy of Science

Although the book disclaims any interest in the philosophy of science, DST (4)

adopts essentially Popperian positions on many important questions. In particufar, ~

DSP’s emphasis on a clear distinction between forming or stating hypotheses and
testing them, an accompanying reluctance to treat hypothesis formation as any-
thing other than an art form (14), the book’s stress on the need for simplicity in
theories, and its insistence on subsuming each case within a class of cases are all
highly consistent with logical positivism or Karl Popper’s (1959) reworking of it.

The DST project—to delineate a theory of confirmation that specifies a priori rules .

for using observations to evaluate the truthfulness of hypotheses, regardless of the
field of inquiry or the specifics of the hypotheses—is a project not only of Popper
but of logical positivism more broadly understood (Miller 1987: 162).
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ible 9.1. Tools for Comparative Case-Study Research

Comments

Helps assess the appropriateness of the empirical
methods employed in hypotheses testing. .and
provides the practical understanding that is the

basis for theorizing.

Evaluates new data in light of prior empirical
and theoretical knowledge.

Selects cases that offer valuable tests beca‘use
they are strongly expected to confirm or discon-
firm prior hypotheses.

Allows the researcher, on the basis of relevant
theories and historical facts, to trace forward the
empirical implications of rival hypotheses. Pro-
vides an alternative means of evaluating the hy-
potheses being tested and of situating the re-
search in relevant theoretical debates. May be
especially useful in areas where theory 1s weak.

Identifies causal mechanisms and evaluates hy-
potheses through tracing causal processes.

Contributes to greater learning from the data. Ex
post model-fitting is a legitimate aspect of a re-
search cycle, which should include the ongoing
evaluation and (re)formulation of theory. New
explanations may be suggested by analyzing
outliers. Learning from a case may also fead to a
change in research design.

Like Popper, DST accepts two departures from stt:ict positivim’n. F;;r;t.t thi:
book treats observations as theory-laden. so the. separation of theory an "1:1} \t
more a matter of degree and emphasis than of kind. Second. the book arggcsq 1aan
parsimony as an end is not very important and can often 'be abandotx;(? qs;\\'icc
objective. However, neither concession has much pracn.cal 1mpact on :‘c ; e
DSI offers, and the authors do not face square}y the 1.n.consxstcnc1cs hat aris
between their practical advice and their philosophical position.
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égty‘omis an instance of an event or situation specified in (that is, “covered™ by)
éral laws. However, the claim that causal analysis can be so accommodated
ly doubted, particularly by those who are partisans of causal analysis. Rich-
ler (1987), for example, contends that the positivist project of establishing
gical relationships between observations and theories is essentially un-
able-and that a causal conception of explanation avoids the problems said to

matic, field-specific grounds. However, this viewpoint creates two bl f the former perspective,
proplefns : Although Miller’s full argument is lengthy and complex, a sense of his criti-

jjsths can be gleaned from the following excerpt:
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proach is that “it works.” If it could also be shown that another approach “works
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xamples really are sufficient. A derivation fitting one of the two basic patterns
fien fails to explain. When a barometer falls, a change for the worse in the
ther is very likely to follow. The high probability is dictated by laws of mete-
tology. But the weather does not change because the barometer falls. In conjunc-
on with basic and utterly general laws of physics and chemistry. the shift toward
red of spectral lines in spectra from more distant stars entails that the observed
iuniverse is expanding. [However, tlhe red shift does not explain why the universe
Hs expanding. . .. Becausc these examples fit the covering-law model so
well . . . and because the failure to explain is so obvious. they are overwhelming.

(Miller 1987: 34)

haps that i ' '
He;;n pelia:ls r:v?y, when the pragmatic requirements of doing research conflict w
'an nottons, the authors are not aveise to leaving Hempel behind That thi

Altho it i i
methOdOIOugh. it is dtemptmg to adgpt such a task-oriented view of proper research
' £y in order to move quickly to concrete issues, there are two reasons tg

resist d i
oing so. F Irst, an argument for a particular way of pursuing research would

TFor those who are aware of such criticisms, the simultaneous commitments of
)§] to the notion of a general logic of inquiry founded on a covering law approach
to an account of explanation that stresses the role of causal mechanisms thus
ireates a strong tension that is never confronted, let alone resolved.

; ihgle Logic of Research

“ Tronically, a powerful argument that there is nor more than one logic is pro-
ided by a prominent critic of positivist methodological dicta. In discussing the
search techniques of those who work within a hermeneutic mode of analysis,
aul Diesing corroborates the claim of DST that a unified logic of inference exists,

least at the most basic level:

and restrict di ; . X
estrict discussion to regularities and entailments (Popper 1968: 59-62- Milles

. : ’ " ‘ . B . . .

The hermeneutic maxim bere is: no knowledge without foreknowledge. That is,

we form an expectation about the unknown from what we “know.” Our fore-

observation one of /og;
gic. DSI takes for granted that \
causal laws are readily ac.
Yy a . knowledge may be mistaken, or partial and misleading. or inapplicable to this
“ text; but in that case the interpretation will run into trouble. . . . Our foreknow-

explanation i .
p n mtroduces one or more general if-then propositions (“laws™) relati ﬁ . ) . Lo
Clating ledge directs our attention. . .. The passages that answer these questions point in

outcome i i ituati
$ to antecedents in a given situation and then establishes that a given obs

_—

1
DSr inati fo s
(1901, ]8)5 ‘i)}(]z;mmatlon. ofth1§ issue was apparently confined to consulting Danie] Lit]
; - 18), approvingly cites Hempel’s (1965: 300-301) claim that ‘
ons can be subsumed within such a framework causal explana.

- turn to other passages. . . .

We form hypotheses about the meanings of a text based on our prior theory of the
text, which in turn has cmerged from our own experience. If our hypothescs arc

disconfirmed, then our prior theory is called into question.
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In finding an analogue to external validi
sing sounds remarkably like DS/ as he dis
research program:

ty in hermeneutic approaches; Dj
cusses how to pursue a qualit

We can call our foreknowled

ge into question if it sometimes produces an ex-
pected interpretation that cann

Ot make a coherent message out of the text, in con-
, we must first focus on it and become:
aware of what we are assuming; then we must devise a different assumption, per-
haps one suggested by this case, and see whether it produces better hypotheses,
This process does not produce absolute truth, but a validity that can be improved
within limits, (Diesing 1991: 108-10)

Nothing in Diesing’s account is inconsistent with the advice that DSJ offery
on how to do research aimed at uncovering and testing propositions about cauge
and-effect relationships. Indeed, the authors’ most |

between hermeneutics and the quantitative analyse

is large, we have powerful support for an important part of DSP’s analysis in
place where we might least expect to find it: that is, from an author who s notably
unsympathetic to DSI’s project. Diesin

“conjectures and refutations”

know about the world in order to draw some tentative conclusions about the pr
esses that govern that world and then examining how well those conclusions

Is Inference F undamentally Quantitative?

The best description of how DST views qualitative research is that it is “prequanti-
tative” (my term): most of the time, it is undertaken because of the infeasibility of
quantitative methods, and it is govern
research, uses procedures that are shadows of quantitative procedures, and is
evaluated by procedures that are shadows of those used to evaluate quantitative
research. DSI mentions one situation where a case study is superior to quantitative

research: When accurate measurement is too costly to be conducted repeatedly, an -

“Intensive research design” (my term)—in which a great deal of effort is expended
on a single case—is preferable to relying on measurements of doubtful validity
collected in an extensive design for purposes of quantitative analysis (67). Then

DsI (37) comes close to Diesing’s position when it notes that both science and in-
terpretation rely on “formulating falsifiable hypotheses on the basis of more general theo-
ries, and collecting the evidence needed to evaluate these hypotheses.”

ébsequelltly subjected to quantitative assessmer
i

ikely response would probably
be “we told you so.” Since we might suppose that the epistemological “distance””

s of survey research responses

g (1991:143) himself is not averse to these.
conclusions, suggesting that hermeneutic approaches are compatible with Popper’s

description of scientific activity. Inspecting what we -

yias-efficiency trade-off (69). but the

of assessing the adequacy of oper !
;réferents to theoretical concepts—seems to

“skeptical of the overall thrust of h
-tending that:
ed by the same objectives as quantitative - ’
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as “beyond a reasonable doubt.” Likewise, if one considers the standard set of
successful scientific research programs that are commonly used as exemplars i
discussions of the philosophy of science, one searches in vain among these cases
from early modern chemistry, astronomy, or physics, from the germ theory of dis:
ease or the theory of evolution, for any instance where explicit quantitative infer-
of these research programs.* It

judge or jury ever convict anyone (unless perhaps
the defendant were being tried for multiple crimes)? If there is 4 quantitative logic

to all scientific inference, what are we to make of situations in the physical or big-
—_—

“Genetics and psychometrics are exceptions to this generalization (Glymour et al,
1987: chap. 9).
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possessed of articulate and persuasive defenders, but it is not consistent with DSI's
claim to present a general “logic™ géverning all social scientific research or the
Hempelian approach that they believe to be the foundation for their inquiry.

Here, what guides research is not logic but craftsmanship, and the craft iy
question is implicitly far more substantively rich than that of “social scientis
without portfolio.” The latter’s lack of context-specific knowledge means that the
researcher cannot call on information from outside the sample being analyzed to. ;
supplement the information gleaned from quantitative analyses. Just how qualita-
tive information from outside a sample is weighted and combined with quantita.”
tive information to produce a considered judgment on the accuracy of a theory s’
not well understood, but if the qualitative information is accurate, the resulting
Judgment ought to merit more confidence. For someone equipped with adequate
contextual knowledge, a given quantitative (or quasi-quantitative) analysis stil]
affects the evaluation of the accuracy of a theory, but it is only one consideration

among several, and its preeminence at an early point in the research project is far
from obvious.
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If scientific inference is treated as essentially quantitative, it is no wonder tha
DST views case studies as chronically beset by what I term a “degree-of-freedom
problem” or what DS7 terms “indeterminate” research designs (119-20): the num:
ber of “observations” is taken to be far fewer than the number of “variables.” This
situation precludes the identification of models within a quantitative framework— .
hence DSI’s use of the “indeterminate’ label.

James Fearon counters this contention in his discussion of what he terms
“counterfactual” explanations:

-

s . . . .. .
"Here again, the qualifiers about case studies containing many observations are set
aside.
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i itself, The explanation provides an answer to a “why™ or “how™ question
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yoned a5 resi g pro ablhst.1c nomological knowledge™ of links betwes
, a certain type (Ringer 1997: 64), formulations such as his fail tg

re fitting of events into rcgular patterns has little, if any. cxplanatory

rce. . . . [Although] some regularities have explanatory power. ... others consti-
e precisely the kinds of natural phenomena that demand explanation. . . .

e an explanation of a particular event is to identifv the cause and. in
least. to cxhibit the causal relation between this causc and the

laincd. (Salmon 1984: 121-22)°
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det study until we can say why the model works.” Moreover, if we can do this.
¢ are much less likely to succumb to what Andrew Abbott (1988) has called
eneral linear reality™—the casual acceptance of the behavioral assumptions im-
' linear quantitative models in situations where thev arc not appro-

)

_ Equipped with this understanding of explanation. we can now make sensc of
onald Rogowski's (7779 this volume) point that one case sometimes seems to
ve an impact on theorizing that is far out of proportion to its status as nongquanti-
ive, low-N “observation.” He cites Arend Lijphart’s study of political cleavages
the Netherlands as an example of such a case studv. Though it analyzed only
¢ political system, its publication led to major changes in the way that political
eavages were theorized. A similar example from the study of international rela-
tions is Graham Allison’s (1971) study of the Cuban missile crisis. which had a
actice of theorizing the state as if it were a unitary.
h situations from the standpoint of DS/'s analysis
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Does the reassessment of a theory require the replication of any anomalous
finding first obtained in a case study? DSI (120ff) seems usually to answer “yes.”

4 when the authors extol the value of various strategies to increase the number of

SFor a very similar account in explaining why Darwin’s work was critical to the

development of biology. sec Rescher 1970: 14-16.
Taronson, Harré, and Way (1994) contend that the deductive-nomological frame-
ally underestimates the importance of models for doing science and arguc
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that the provision of adcquate models rat
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observations. However, King, Keohane, and Verba (186—87 this volume) seem to
answer “no” in the process of discussing the relation of Lijphart’s (1975) findings -
in his case study of the Netherlands to the literature on pluralism that preceded it.
Although one could justify a “no” answer in terms of case-based explanations of
the sort mentioned by Fearon, that is not the path that the authors choose. Like"

Fearon, they seem to believe that case studies are beset by a degree-of-freedom
problem; unlike him, they cannot offer any alternative to quantitative evidence but

the mimicking of quantitative analyses in verbal, nonquantitative form. How then

can a single case study alter our confidence in the truth or falsity of any theory?

One way is that when the existence of a phenomenon is in question, only one -
case is needed to establish it. Since Lijphart and Allison do just that, it is impor- ;

tant, because it suggests that a phenomenon that previous theory had argued could

not exist does in fact occur. However, if it occurs only once, is that enough to pass S
a significance test? King, Keohane, and Verba (186 this volume) describe Li- -
jphart’s study as “the case study that broke the pluralist camel’s back.” For that to -
be so, the quantitative camel must already have been under a great deal of strain
due to the accumulation of previous anomalous findings. But no other anomalous
findings are mentioned. The authors hote that there had been many previous stud-

ies of the relation between cleavages and democracy. If so, the mystery of why

this one study should have such an impact only deepens. Unless one believes that :

this prediction failure is especially threatening to the previous pluralist theory, the
presence of many previous studies that found the predicted association between

cleavage structure and democracy would provide even more reason to write off

Lijphart’s case study as an outlier. No quantitative model is rejected because it

fails to predict only one case, and the influence of any one case on judgments (or
computations) about the true underlying distribution is a decreasing function of -

sample size—so more previous case studies would imply that Lijphart’s study
would matter /ess. Unless the sample is quite small, adding just one “observation”
(assuming for the moment that a case study is just an observation) is going to
make very little difference. And, from a conventional quantitative standpoint,

small samples are simply unreliable bases for inferences—whether or not one adds

one additional case.

If one accepts that the Lijphart and Allison studies had a pronounced impact
on theorizing in comparative and international politics, and if one views this im-
pact as legitimate and proper, there is no way to rationalize this through quantita-
tive thinking. Rogowski’s original suggestion for how to understand this situa-

tion—as an example of a clear theory being confronted with a clear outlier—is a -
step in the right direction. But if that were all that were happening, one would -

simply be presented with an unusually strong anomalous finding, to which one
could respond in a large variety of ways.

If a case study can succeed in explaining why a case is an outlier by identify-
ing causal mechanisms that were previously overlooked, it will have a much more
pronounced impact. It is not the fact that the old theory is strongly disconfirmed
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that makes the Lijphart or Allison studies so important; rather, it is their provision
of such mechanisms—connecting cleavage structure to democracy, or the state’s
organizational structure to observed outcomes—in empirical accounts that fit the
data at least once. In the provision of alternative accounts of causation. perhaps

“ relying on different concepts than formerly cmploved. one finds the primary rea-

son for the impact of the single case (Laitin 1995, Caporaso 1995). John Walton
assesses a set of “classic™ cases in sociology similarly—their importance lies in

- their provision of “models capable of instructive transferability to other settings”™

(Walton 1992: 126). In the same vein, Nicholas Rescher (1970: 15) speaks of
Darwin as providing a “keystone™ for the development of modern biology: the
keystone was not a missing piece of data, but a missing step in a causal argument.
That missing step was developed from a combination of intense observation and

theoretical arbitrage (his borrowing from Malthus).

Cases are often more important for their value in clarifying previously ob-
scure theoretical relationships than for providing an additional observation to be
added to a sample. In the words of one ethnographer, a good case is not necessar-
ily a “typical” case, but rather a “telling™ case, in which “the particular circum-

-stances surrounding a case serve to make previously obscure theoretical relation-

ships sufficiently apparent™ (Mitchell 1984: 239). Max Weber seems to have had a
similar conception of ideal types—he saw them as deliberately “one-sided” con-
structs intended to capture cssential elements of causation and meaning in a par-
ticular setting, without regard to whether they adequately represented all relevant
situations (Burger 1976: 127-28; Hekman 1983; 25).

John Walton (1992: 129) and Arthur Stinchcombe (1978: 21-22) offer an

~ even stronger claim—that the process of constructing a case study is superior to
~other methods for the task of theory construction. This is supposedly so because

completing a case study requires the rescarcher to decide exactly what something

. is'a case of and exactly how causation works. Although case studies do not seem
¢ to be unique in this regard (at the very least, the same could be said about two

other research strategies discussed later), it seems plausible that the activity of
searching for and identifying sources of variation in outcomes is likely to lead to
richer models than a research strategy that can easily use quantitative controls to
build a firewall separating a larger causal mechanism from a small number of
variables of immediate interest.

The issue of whether a causal mechanism must be provided in order for an ar-
gument to be considered a scientific theory is precisely the point at which DS/I's
inattentiveness to the conflicts between Hempel's deductive-nomological concep-

- tion of theory and more recent philosophical accounts leads to confusion about

what case studies are capable of accomplishing. It is not merely that a case pro-

~ vides an explanation for a particular set of events. Rather, the source of its poten-
tially large impact is its capacity to incite us to reformulate our explanations of

previously studied events.
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Toward a Methodology of Intensive Research:
An Alternative Logic for Case Studies

DSI’s choice of a quantitative framework for thinking about all studies, and it
attempt to distinguish descriptive from explanatory constructs and to privilege th
latter, leaves unclear the status of several standard research techniques (DS chap

2). What is the status of such projects as the construction of decision or game: |
trees, or computer language, or ordinary language representations of a decision- -
making process? These are possible end products of a “process tracing” research-
strategy. Are they just “descriptions™? Or are these “theories” in any sense that -
DSI would recognize as legitimate? If a verbal description can be a “model,” ate. ™ =
these other constructs also models? Are they explanations? More broadly, how (if

at all) can we make sense of such activities from the standpoint of DSI’s explica-

tion of good research design? Diesing explicitly argues that these research activi-

ties cannot be subsumed within the quantitative framework; is he right?

Claims that nonquantitative tests of explanations are possible matter little if -
they cannot be substantiated with examples of how such tests can be constructed
and evaluated. The earlier examples of courts, hermeneutic readings, and theory:;
building in the physical and biological sciences do substantiate the contention that |

such research is an important alternative to conventional quantitative approaches

Yet the philosophical and practical issues involved in such research have received -

far less attention within political science than they have in quasi-experimental re-
search.

Although a complete explication of the philosophical and operational issues
involved in intensive research could easily be as long as a book, we can identify-

some issues that such a methodology must address, as well as some ways of ad
dressing them.

Understanding Existing Research

A substantial body of literature within the field of international relations is.

much more easily understood from within Salmon’s ontic conception of explana-
tion than the modified Hempelian framework preferred by DSI. Examining two
well-known research programs in terms of the language and concepts of DST is
helpful in revealing exactly how far one can extend the kind of framework the

book offers without encountering research practices that are not readily accommo- -

dated within its account. In each case, the discussion parallels that of DSI: First,
the elementary empirical “atom” is defined; second, how the “atoms” are assem-
bled is described; third, how these assemblies are evaluated is addressed. then

note some problems in attempting to carry through DSI’s conception of research in
these domains.
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Eognitive Mapping . . N ‘
.- An important research program in the study of foreign policy decision making
Ids on Richard Snyder, H. W. Bruck, and Burton Sapin’s (1954) suggestion to
sonstruct a theory that captures the decision makers® “definition of the situation

and the decision-making process they use. If our project is to construct ordinary

anguage or machine language representations of decision-making processes along

the lines of “cognitive maps™ in Robert Axelrod’s (1976) sense or expert syste:ms
“nCharles Taber’s (1992) or Hayward Alker’s (1996) sense. the basic “atom’ gf
empirical work would be the sentence (in ordinary language) or the statement (in
iachine language) rather than the value (typically, though not necessarily. nu-
“erical) of a variable. There does not seem to be nor does there h:ave to be any
“kind of representation of the atomic units in reduced form (something equivalent
“to the moments of a distribution in the quantitative example). .Howcver. we can
.speak of the ensemble of empirical atoms as a “‘protoc.ol" '(m 01'dm'ary Janguage) or
4 “program” (in machine language). There is little point in speaking of the output.
“0f a program as being “caused” by one line of computer code apart from the other

ines of code; thus, the objective of apportioning causal weights to the various

“gomponents of the model, an important part of .the quan.titativc project. has no
“counterpart in an artificial intelligence or a cognitive mapping context. (Iftrz.msiat-
; ing such a model into a quantitative framework is necessary. it would be .akm to a
* quantitative model in which each of the explanatory variables has'no main .effcct.
but rather enters the model only interactively.) After being approp'natel'y ml‘uahzcd
with assumptions deemed to capture essential aspects of a historical situation. fhc
model is fitted to historical data. and this fitting exercise can be assessed quantita-
tively (Cyert and March 1963: 320). However, an assegsment method such as
“comparing root mean squared errors can be undertaken w.nhout rcfcre.nc§ to a de-
fined universe, samples. or significance and in this sense is not quantitative at alil.
- Anders Ericsson and Herbert Simon have articulated the research strategy use'd n
cognitive mapping in terms that are highly similar to the ontic conception outlined

“earlier;

A single verbal protocol is not an island to itself. but a link in a whole chain of
evidence, stretching far into the past and the future. that gradually 'dcvelops.
molds, and modifies our scientific theories. It needs to be processed with full at-
tention to these linkages. (Ericsson and Simon 1984: 280)

For Ericsson and Simon, theories suggest data to acquire, whilc data suggest

theories to investigate—one is not logically prior to or dependent on the other.

Unlike Popper’s world, where research is typified in terms of a single movement

from the logic of discovery to the logic of falsification. the research process herc

cycles between theory (re)formulation and theory evaluation. Hypotheses and the-
ory formulation arc treated as activities amenable to normative guidance. rather
than a completely subjective realm.
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the decision-making situation is accurate and complete. An additional limitation to
this approach is that once we leave the world of binary interaction and attempt to
model threc or more independent agents, the capacity of formal theories of opti-
. mizing behavior to provide solutions that are relevant to empirically encoumcr‘ed
gituations diminishes sharply unless we adopt many seemingly arbitrary restric-
tions (Ekeland 1988: esp. chap. 1). . o

The strategy of constructing a tree based on historical information can in prin-
ciple also address two other problems that DS7 righ'tly discusscs as common fail-
ings of qualitative research: inattentiveness to selection bias and a failurc tf) spec-
ify counterfactual claims with enough precision or accuracy to pemnt th;n'
intelligent use in an assessment of which factors really matter in §hgpmg behavior
in any given situation. DS/ and its critics discuss selection bias as If]t' amounts {0 a
problem of quantitative analysis (that is. an error in sample cgnstrpgtmn). which is

certainly one way to think of it. However. another way to view it is to say that it

amounts to being unaware of the fact that the game that onc has just an'alyzed s
merely a subgame of a larger game. The difference in conceptualizations 1s impor-
tant, becausc how one views sclection bias determines how one evaluatcs work
plagued by it. From the standpoint of conventional quantitative research dcsrgn.'an
~ improperly drawn sample will likely result in findings that arc useless for making
inferences about an underlying population—yparticularly when the nature of the
“bias is not known. However, from a game-theoretic standpoint the analysis of a
subgame, if conducted correctly. still provides a valid and useful result. If an ana-
- lyst does not realize that the outcomes of interest can be reach.ed frolm brapches of
" the tree that occur prior to the node at which the analysis begins to investigate t]?c
decision-making process—as happens in the studies of deterrence mentioned. in
DSI (134-35)—then the analyst will likely be mistaken in judgments about whxch
factors are most important in reaching an outcome. Once the analyst has realized
that the relevant tree for analyzing the outcome of interest is larger than initially
recognized, the results are still useful as part of a larger tree. What befor; were
(mistakenly) viewed as unconditional probabilities are now seen as conditional
ones. Although this change may destroy the case for policy prescriptions based on
the old, incorrect view, the tree of the subgame survives intact and is now nested
within a larger tree and a more complete explanation.

Another advantage of thinking in terms of trees is that they explicitly repre-
sent counterfactual situations. By doing so. they delineate which counterfactual
. situations among the infinite number available for consideration are the most theo-
retically relevant. Assuming we know the preferences attached by actors to these
counterfactual outcomes, we can address the question of how changes in the pay-
offs—either of the outcome that occurred or of the outcomes that did not—affect
the choices made in the given decision situation.”

Game Theory Applied to Empirical Situations
The story is much the same from a rational choice standpoint. Here a formal *
representation of the decision-making process involving strategic interaction i -
constructed, based on a relatively slender and simple set of postulates. The empiti: ¢
cal accuracy of this game is then assessed by comparing its predictions with actual-
outcomes in a situation thought to be relevant to assessing the performance of th
formal model. Bruce Bueno de Mesquita and David Lalman ( 1992) provide 4 :
good example of this approach. (In many game-theoretic accounts the fit to em
pirical situations is addressed more cursorily, because the analyst’s primary intefi-
tion is to elucidate the consequences of a given set of initial assumptions, rather
than to provide a good empirical fit per se.)® In a game-theoretic representation;”
there is not one kind of atom, but five: players, nodes (representing outcomes), -
branches (representing alternatives), utilities, and probabilities. The ensemble of
atoms forms a tree, or a game in extensive form. The ensemble as a whole governs
choice, and, again, framing queries abolt the relative causal weight of one atomic
unit versus another one is pointless. Goodness of fit can be assessed as in the cog:
nitive-artificial intelligence situation, or (more commonly) a quantitative model is
constructed based on the tree and duxiliary hypotheses (“operationalizations”)
(Signorino 1998). In this latter situation one can, if one wishes, assess the weight-,
or influence of individual factors. Although the quantitative evaluation of the per-
formance of such models is an activity that raises no difficulties from DSI’s point-
of view, the question of how one settles on a given cognitive map or tree fot:
evaluation is not answerable from within the confines of its perspective. :
Although games can be infinitely long, a game tree often is finite; it does not -
attempt to trace causation back beyond a starting point chosen by the analyst; nor’
does it attempt to discover causation at a more differentiated level than human
intentionality. Thus, DSI’s (86) objection that attempting to describe completely
the causal mechanisms in a concrete situation leads to explanations that are in
principle infinitely large is irrelevant, since explanations do not aim at being com-
plete, but merely at answering the question that the researcher asks (Levi 1984:
51). Human decision making is inherently limited in the number of factors that
impinge on the awareness of the decision maker, thus allowing the construction of o
trees that are reasonably complete representations of the decision-making situa-
tions facing historical actors, as those actors see them. As George and McKeown
(1985: 36) argued, “Because the limitations on the perceptual and information-
processing capabilities of humans are well known and pronounced, the process-
tracing technique has a chance of constructing a reasonably complete account of -
the stimuli to which an actor attends.” Constructing such a tree is thus feasible,
though in any given historical situation the limitations of the available evidence
may create a situation where we are not confident that our tree representation of

°Brady (56—62 this volume) secems to suggest a similar treatment in discussing the
implications of DSI’s approach to causal analysis and counterfactuals.

8 am grateful to Robert Powell (personal communication) for emphasizing this dis-
tinction.
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It has been objected that trees or other decision-theoretic representations are’

4 Bayesian framework would improve its account in two ways. First, it would cn-
just as mechanistic a method as relying on quantitative inference for the develo

‘able us to make sense of several previously inexplicable research activities, some
of which DSI acknowledges and approves, some of which it docs not. Second. it
would extend and enrich the normative directives they provide by :giving research-
érs guidance on how to think and act systematically abo.u‘t hkehhogds and loss
finctions, rather than continuing to rely solely on their intuitions to guide them.

A Bayesian approach to the problem of explanation is not a panacea: Thcr.e
are important difficulties on both an operational (Leamer 1994) and a philosophi-
cal (Miller 1987) level. Morcover. to say of res.ear.chers.that they are .ﬂ.)]k BflyCS-
fans implies that their application of Bayesian prmmpl.es. is ]a.rge]y intuitive—it has
usually been more a matter of making research dems?ons in the spirit of Bay;s
than of consciously applying Bayesian techniques. 1t is therefore more use.ﬁxl in
this context to view Bayesian statistical theory as a metaphor than as an algomhm..

. The Bayesian metaphor comes to mind when one considers that research'ers' in
the social sciences, even in the branches that rely heavily on standard quantitative
methods, are “interactive processors.” They move back and forth bf:tween theory
*and data, rather than taking a single pass through the data (Gooding 1992). As
Edward Leamer (1994: introduction, p. x) notes. one can hardly make sense of
such activity within the confines of a conventional quantitfxtive approgg]m A theqry
< of probability that treats this activity as a process involving the revision of.pnm
beliefs is much more consistent with actual practice than one that views the infor-
mation in a given data sct as the only relevant information for assessing the truth
of a hypothesis. ‘

If we treat researchers as folk Bayesians, several research practices seen as
anomalous by DSI become much easier to understand. T have already suggested
- that Eckstein’s ideas on crucial cases seem to emanate from a folk Bayesnar} per-
spective: The sclection of cases for investigation is guid.ed by .the researc}?er s be-
liefs regarding the prior probability of a given explanation being correct in a cer-
tain kind of setting, coupled with that researcher’s assessment of the costs ofbexvng
“wrong in that assessment. A “hard case” for a theory-—for example. Stephen \"an
Evera’s (1997: 31-32) “smoking gun” case—then would be one where the prior
probability of a theory being a correct explanation is low, but the degree of confi-
- dence in that prior assessment is also low. A “crucial case™ would be one where
the prior probability is an intermediate value, such that either a conﬁrmanpn or a
disconfirmation will produce a relatively large difference between the prior and
posterior probabilities. One might also select a case in \\ihich the expe;ted cost .of
being wrong was low and then proceed to more demanding tests onl_\./ if the initial
results are encouraging. This would make good sense if investment in a large re-
search project entailed substantial costs.

A Bayesian perspective can also make sense of DS/'s (105 n. 15) “ﬁl? drgwer
problem™ in which negative research findings are relegated to l'esearchgrs private
files, and only positive findings are submitted for publication. From this perspec-
tive, DSI’s contention that a negative result is as useful as a positive one is only

ods are seen to be fundamentally in error because they treat political phenomen
as “‘clocklike,” when in reality there are aspects of political life that make the clock -
metaphor ultimately inappropriate—in particular (imperfect) memory and learn
ing. Such an argument fails to grasp that even with the use of some clocklike rep
resentation of decision making, the resulting explanation of behavior will still bg
incomplete. Although the problem of modeling preference change was addressed. -
nearly forty years ago, very little progress has been made.'” The “rules of the -
game” must generally be analyzed the same way, since our current capacities to
understand institutions as the outcome of strategic interaction are still quite limit-
ed. The use of trees, computer simulations, and so on should be understood as an
attempt not to model political systems as if each were a single clocklike mecha- -
nism, but to extract the clocklike aspect§ from a social situation in which we pOs-.
sess “‘structural” knowledge—in Jon Elster’s (1983) sense—only of some features.
Although they are not typically described in this fashion, both the cognitive-
artificial intelligence and choice-theoretic approaches can also be understood as -
implementations of Weber’s venerable concept of “ideal types.” This family re-
semblance is seldom discussed in treatments of Weber’s methodology, but it be-:
comes a good deal more understandable once one learns that his work on ideal
types was in part a response to economic theory and that he persistently cited that
theory to illustrate the uses of “ideal-typical” construction (Burger 1976: 140-53;
Ringer 1997: 110). Cognitive-artificial intelligence and choice-theoretic ap-
proaches amount to a way of fusing a conception of each actor’s definition of the
situation with a conception of a social structure within which social action occurs,
Although they part company with Weber on the question of whether a model can
be empirically accurate (with Weber seemingly arguing that empirical accuracy is
not a property usefully attached to an ideal type—see Burger 1976: 152-53), they
share with Weber an interest in fusing the “subjective” and “objective” aspects of
a social situation in a single model.

A “Folk Bayesian” Approach

We can make use of the notion that humans (particularly social scientists) are
intuitive statisticians and view them as folk Bayesians, as Hillary Putnam does
(1981: 190-92). This is a different metaphor than was applied by DS/, which util-
izes the conventional quantitative perspective and does not cover Bayesian ap-
proaches. Supplanting or replacing DSI’s conventional quantitative approach with

“Cohen and Axelrod (1984) provide what is apparently the only model of this proc-
ess developed by political scientists.
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true if one originally thought that both results were equally likely. If one conjec- -

tured that a positive result was highly likely, then getting such a result would be
minimally informative. Thus, a journal devoted to electoral behavior would
probably not publish the “positive result” that white American evangelical Protes-
tants in 1994 were more likely to vote for the Republicans than the Democrats,

simply because nobody would view that as news. Conversely, the negative result

that a sector-specific model of coalitions in U.S. trade politics does not account for

the coalitional pattern surrounding NAFTA is news indeed, simply because the

prior model had become so well accepted (Magee 1980; Commins 1992).
A Bayesian perspective likewise yields a different normative Jjudgment about

the preconceptions of researchers than that offered by DSI. Whereas in DSI’s view .

having a preconception makes one “slightly biased” (71), from a Bayesian pet-
spective having a preconception, derived from theory and contextual knowledge,
is necessary in order to make sense of one’s research results. One cannot do
Bayesian analysis without establishing an intelligible prior probability for the out-
comes in question.'' DSP’s position on preconceptions is not unreasonable—
succumbing to motivated perceptual bias is always a danger, and it is well that it
should be flagged. However, thinking that a researcher has no preconceptions is
unrealistic, and ignoring the useful role that preconceptions can play is not at all
“conservative.”

If a Bayesian begins a case study with a prior estimate of some variable that is
close to zero, but with a prior estimate of the variance of that estimate that is rela-
tively large—because the number of prior observations has been zero or very
smalt—the observation of the first anomalous result is going to raise the posterior

estimate of the anomalous finding a very considerable distance above zero. Thus, -

the change in the subjective assessment on the basis of Jjust a single case would be
quite large, but it would be understood as a simple application of Bayesian statisti-

cal theory, rather than as a finding that poses any unusual challenge to a conven-

tional quantitative understanding of cases.

The Bayesian perspective is also implicit in DSP’s (19) own advice to begin
with theories that are “consistent with prior evidence about a research question,”
This seemingly amounts to de facto acceptance of the prior evidence (that is, as-
signing it a relatively high prior probability of being based on a correct theory of
observation), and this too is far from innocuous. A c¢oncrete example illustrates
what is at stake. In studying U.S. foreign policy decision making, one confronts a
raft of studies by diplomatic historians and political scientists that purport to ex-
plain foreign policy decision making by what amounts to a “realist” model—one
in which the geostrategic environment drives decisions, and other factors intrude
at most in a secondary way. These studies take as their evidence a mountain of
declassified government documents that offer geostrategic justifications for vari-

"The difficulty in forming such priors in some cases is an important criticism of the
indiscriminate use of Bayesian analysis (Miller 1987: 269).
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“ous foreign policy decisions. However, the decision of these researchers about
:where to search for evidence about the motivations of U.S. central decision makers
i3 itself driven by their theoretical conception of what motivates decision makers

and how they decide. The resulting studies are vulnerable to criticism because (1)

“they generally fail to consider whether policy options that were not chosen also

have plausible geostrategic justifications. (2) they generally offer no method for
distinguishing between plausible post hoc rationalizations for policv and the rea-

-sons why a policy is adopted. and (3) they inadequately address rival hypotheses

or theories. As a result. the research program is lable to criticism that it creates a
circular argument (Gibbs 1994). Whether this argument is always truc is Icss m-
portant than the broader and more general implication that “prior e\'idcnc'c" is un-
problematic only to the extent that one accepts the theoretical preconceptions that
generated it. If one disagrecs with those preconceptions. it mak?s no sense to as-
sign the evidence generated on the basis of those preconceptions a Fugh prior
probability of being correct. In such situations it would not be surprising or im-
proper if thosc who propose a new theory respond to an inconsistency between
their theory and existing data by criticizing the “form of these data™ (Tanner and
Swets 1954: 40). '

The sharpest difference between folk Bavesians and DS/ is in the differing as-
sessments of ex post model fitting. DS/"s (21) view is that ex post mode! revisions
to improve the fit of the model to the data “demonstrate nothing™ about the verac-
ity of the theory. Some disagree. For example. Ericcson and Simop (1984: 2827
83) argue that the time when a hypothesis was generated is not. strictly speaking.
relevant to asscssing the posterior probability of it being true. However. thev con-
cede that having the data before the hypothesis should probably incline us to placc
less credence in it.

Similarly, Richard Miller contends that

When a hypothesis is developed to explain certain data. this can be grqund_s fqr a
charge that its explanatory fit is due to the ingenuity of the dC\.‘clopcr in tallorlpg
hypotheses to data. as against the basic truth of the hypothcslls‘ If an_othcmwsc
adequate rival exists. this charge might direct us to a casc for its superioritv. But
such a rival does not always cxist, and the advantages of having first heen devel-
oped, then tested against the data are not always compelling. As usual, positiyism
takes a limited rule of thumb for making a fair argument of causal comparison.
and treats it as a universal, determinate rule. functioning on its own. . . .

While confirmation often does exist in such cases. it is usually weaker than it
would be on a basis of discovery.... A theorv of confirmation that
makes . .. questions of timing invisible neglects phenomena that are clearly rele-
vant to the comparison of hypotheses—and that ought to be if confirmation is fair
causal comparison. (Miller 1987: 308--09)

Thesc viewpoints are sensitive to DS/'s concern about “fiddling” with models
solely to improve the goodness of fit, but they do not view that concern as disposi-
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tive because they value having a fragile model much more highly than having no
model. From a Bayesian standpoint, any attempt to retrofit a model onto data, us-
ing a model that is not plausible on other grounds. will likely begin with the as-

signment to that model of a low prior probability of being correct. If the objective
is to find a model that has a high posterior probability of being correct, in light of

the fact that it fits the data, it is far better to begin with a model that has a high

prior probability. In that sense the Bayesian perspective incorporates a safeguard

against the sort of abuse that DST fears, without being categorical in its rejection of
ex post fitting.

In contemporary American political science a Bayesian conception of prob-
ability has only recently begun to receive attention (Western and Jackman 1994;
Jackman and Marks 1994; van Deth 1995: and Bartels 1996, 1997). In the discus-
sion of case-study methodology it has received no attention at all (except for a
fleeting mention in George and McKeown 1985: 38). Given its capacity for link-
ing preobservation to postobservation béliefs about the world, and its explicit con-
sideration of the costs of being wrong, greater attention to Bayesian approaches

seems sensible, both for case-study researchers and for practitioners of conven- -

tional quantitative analysis.

Heuristics for Theory Construction

An unfortunate practical consequence of the Popperian perspective and posi-
tivism more generally is that they fixate on testing theory at the expense of con-
structing it. If the extent of one’s knowledge about political science were the tables
of contents of most research methods books, one would conclude that the funda-
mental intellectual problem facing the discipline must be a huge backlog of attrac-
tive, highly developed theories that stand in need of testing. That the opposite is
more nearly the case in the study of international relations is brought home to me
every time I am forced to read yet another attempt to “test” realism against liberal-
ism. If only for this reason, a philosophy of science that took seriously the task of
prescribing wise practices for constructing theories would be quite refreshing and
genuinely helpful.

Such a prescriptive body of theory has been produced piecemeal by research-
ers who are in contact with the problems that arise in the performance of intensive
research. However, to the extent that its existence is even acknowledged, the na-
ture of that theory is often misconstrued. Rather than constituting a set of surefire
methods, guaranteed to work because they hamess deductive logic to the task of
theory construction, these prescriptions are a series of highly useful heuristics,
Intended for the boundedly rational inhabitants of a messy world, they provide
guidance on how to generate theories or frame problems and where to search for
evidence that is relevant to assessing extant theories.
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Case Selection Heuristics

Case studies are often undertaken because the rescarcher expects that the
clarification of causal mechanisms in one case will have implications for under-
standing causal mechanisms in other cases. Indeed. it is precisely for that reason
that heuristics for case sclection—from Mill's methods of difference and agree-
ment, to Eckstein’s discussion of crucial cases. to George and McKeown's discus-
sion of typological sampling—have been proposed. DS7 (134) points out that such
heuristics do not guarantee statistical control and that the generalization of casc-
study findings is problematic. This conclusion is correct. but unimportant in this
context. Whether a causal account that fits one historical circumstance will fit oth-
ers is an open question. What matters here is that a causal mechanism has been
identified, and the rescarcher has some framework within which to begin to inves-
tigate the validity of the causal claims. Such a framework permits initial judg-
ments about which cases are theoretically “near™ the case in guestion and whether
similarities and dissimilarities in causal patterns in different cases are in line with
or diverge from initial understandings of how similar the cases are.

Thought Experiments and Counterfactuals

Some social scientists and philosophers (Tetlock and Belkin 1996: Gooding
1992) have argued that developing and exploring counterfactuals is an important
part of the research process. The assertion of counterfactuals is typically associ-
ated with attempts to find a causal pattern or to explore the implications of a causal
pattern that one believes to be present in the situation being analyzed. In the latter
case, an explicit and complete theory (such as the earlier-mentioned completed
game tree) generates conclusions about counterfactual circumstances while ac-
counting for the outcomes that did occur. Although such counterfactual conclu-
sions, if valid. may be an important and valuable guide to action. the counterfac-
tual statements themselves merely help the analyst to see the implications of a
pteviously developed theory. In situations where theory is ill formed and imma-
ture, thought experiments reveal latent contradictions and gaps in theories and
direct the analyst’s search toward nodes in the social interaction process where
action might plausibly have diverged from the path that it did follow (Tetlock and
Belkin 1996: chap. 1). Although in principle there is no reason to associate coun-

- terfactual analysis with case studies any more than with other empirical mcthods.

the frequent concern of case-study researchers with theories that are relatively
immature means that they probably use counterfactuals as a heuristic guiding the
search for causal patterns more than those who work with highly developed theo-
ries where causality is better understood.
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Exploiting Feedback from Observation to Design

not well suited to a research environment in which the costs of an inappropriat

research design are quite high and relying on the next study to correct the mistakes -

of the current one is impractical. Both circumstances often pertain in fieldwork. 1
a common fieldwork situation the researcher arrives at the site and quickly leafn
that certain key assumptions of the research design were based on a mistaken uii
derstanding of the case. Perhaps the envisioned data-gathering technique is no

feasible. Or the ministry thought to be central to decision making concerning the .
issue of interest turns out to be a rubber’stamp for another less visible set of inter-

ests. This leads to a redesign of the fieldwork, which, as was noted, consumes de

grees of freedom. However, the weeks or months of fieldwork that follow this -
redesign are not rendered worthless simply because they capitalized on informa-

tion learned early in the research process.

Identifying Causal Processes Rather than Testing

If the investigator is searching empirical evidence to identify causal processes

terming this activity “identification” seems preferable. We can then reserve the
term test for those situations where more than one substantive model' has been ‘
developed and brought to bear, and there is a comparative assessment of the suc-

cess of the models in explaining the outcomes of interest. The advantage of speak-
ing in this fashion is that it allows us to discuss model identification as an activity

that is conceptually distinct from hypothesis formation and testing. and then to .

address in a systematic way the process involved in doing this well rather than
poorly. This saves identification from being thrown in with hypothesis formation,
where it would succumb to the Popperian prejudice against the possibility of say-
ing anything helpful about any other part of the research enterprise than testing.
The issue of the generalizability of the model can thus be separated from the ques-
tion of whether the model is an accurate explanation of cause and effect in the
situation in which it has been putatively identified.

Superficially, this may seem to concede an advantage to the quantitative view,
because a quantitative model is always “tested” when its performance is compared
to a null model. However, this is an advantage of little importance if one accepts,
as DSI seems to, the goal of finding the model of a causal mechanism that best

"The nuli model is not considered here to be a substantive model.
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ounts for the observations. Given a choice between a null (that is. random)
del-of planetary motion and one devcloped by Ptolemy. we would choose the
Prolemaic model every time. because it would perform significantly better than the

nult model. As long as the relevant statistical tests justified it, we would keep add-

ing epicycles to the model (“variables™ to improve our R:..H)r’potheticglly i(- 18
possible that a latter-day Copernicus would write an entirely different spcgﬁcqhon
hat would succeed in producing a significantly better goodness of ﬁt‘ Yet given
he paltry theoretical weaponry of most empirical investigatlons‘(typlcally. hsts.of
bivariate relations between a dependent variable and other variables t.hat spcqu
he sighs of the coefficients, with little or no theoretical guidance on interactions
among independent variables, or the precise nature of feedback from the depend-
brif variable to the independent variables). this cannot be relied on.

Clark Glymour, Richard Scheines. Peter Spirtes. and Kevin Kelly (1987: 7)
tovide a telling example of the difficulties involved in hitting on the correct rep-
gsentation of an underlying causal mechanism in their brief but sobering a‘nalyms
f the combinatorics of a six-variable svstem. Assume that there are.four different
elations applicable to cach pair of variables x and v (x affects 1 but is not affected

by it, y affects x but is not affected by it. they each affect the cher. ngithcr affects
“the other). Given that six variables create fifteen possible \fz?nablc pairs. there arc
415 possible path diagrams one may draw and hence 415 different models to test
in order to identify the one that fits the data best. Showing that a model performs

ignificantly better than a null model does little to settle the question of wl.lethcr it
s the best model of the observations that can be written. Accepting “significantly
etter than null™ as the criterion for a successful explanation leads to a perverse.

‘facit stopping rule for quantitative empirical research: search the universe of plau-

ible model specifications bounded by prior theoretical restrictions until vou find
ne that yields results better than nuil. then publish. If there are something like 415

sgpecifications from which to select, it would not be at all su'xprising to.ﬁnd that
‘published models are inferior in terms of goodness of fit to hitherto undiscovered
‘models (which is precisely what Glymour and his colleagues repeatedly show).
~Thus, the fact that a model can be identified in a statistical sense-—and that a com-

puter program embodying the model will indeed run (DS7 118)}—is no guarantee

that the model is the best account of causal processes that can be written.

How then does model identification proceed? Glymour and his colleagues
(1987) propose the systematic application of explicit search heuristics to the task

~of finding models. Gerg Gigerenzer (1991) claims that rescarchers often work in
“just this fashion. He argues that between the alternatives of treating discovery of
‘models either as a matter of logic or as entirely idiosyncratic. there are intermedi-

ate possibilities in which research may be guided by one or more h'euristics. Or?c
possibility that Gigerenzer finds to have been repeatedly apphcq in resear'ch' in
cognitive psychology is what he terms the “tools-to-theories heuristic™—enlisting
methods of justifying claims about models to the cause of organizing the explora-
tion of empirical events. Thus, quantitative analysis becomes not merely a method
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w to move from a position of ignorance to one of certainty regarding the truth of
a single proposition. Rather, it is how to learn something new about a world that
ofie alteady knows to some degree. Framed in this fashion. the basic tasks of re-
search are then (1) to devise ways of leveraging existing understanding in order to
extend our knowledge, and (2) to decide what are sensible revisions of prior un-
derstandings in light of the knowledge just acquired. Bayesian statistics. case se-
lection heuristics, counterfactual speculation. and “interactive processing e
moving back and forth between theory formulation and empirical investigahon‘—~
are all strategies that take into account the mutual dependence of understgndmg
and observation. They arc afl consistent with a pattern model of explanation. in
which the research task is viewed as akin to extending a web or network. w.hilc
being prepared to modify the prior web in order to accommodate new ﬁndl‘ngs
(George and McKeown 1985: 35-36). Seen in this light. the test of a hypoth.cms.—
the central theoretical activity from the standpoint of conventional quantitative
tescarch—is but one phase in a long, involved process of making sense of new
~ phenomena. . -
’ Recent developments in the history and philosophy of science. amﬁcml. mt‘cl—
ligence, and cognitive psychology provide a more useful foundanm? for thinking
about the problems of knowledge inherent in performing and evaluating case stud-
fes than can be found in Hempel or Popper. Unfortunately, interest in these devel-
* opments among casc-study researchers or their quantitatively inclined critiq has
> ‘been minimal. The result has been a discoursec dominated by the conventional
quantitative metaphor, which is often adopted cven by those who wish to defend
 the value of casc studics. What is needed if the theory and practice of casc-study
7 research are to move forward is to explicate case studies from a foundation that is
- more capable than logical positivism of dealing with the judgments in\'olvcd‘in
- actual research programs. Such a method will not discard or devalue the genuine
- advances that morc positivistic research methodologies have brought to the study
v‘ofclocks, but will supplement them with better advice about how to cope with the

¥ clouds.

for evaluating hypotheses, but an organizing concept that affected how psychblo
gists came to think about human thought: The heuristic of decision maker as int|

tive statistician has become a central perspective in work on human cognition.

Conclusion

The authors of DS are experienced and skilled researchers, and the most success
ful and original parts of their book are their discussions and recommendation
based on their practical experience. The more theoretically self-conscious aspects
of their argument—using conventional quantitative methods as an exemplar for al
questions of research design, and their rather perfunctory attempt to ground such
an argument in a philosophical framework of Popper and Hempel—are problet-
atic when they are employed to provide a basis for assessing research practices
that rely on intensive investigation of a' small number of cases rather than exten-
sive investigation of as many cases as sampling theory suggests are needed. Sim-
ply stated, the disparities between case-study research and conventional quantita-;
tive hypothesis testing are too gréat to treat the latter as an ideal-typical ;
reconstruction of the former. Rather than treating that disparity as a reason for
abandoning case studies or regarding them as pointlike observations, it is Jjust as
reasonable to treat it as a reason for rethinking the usefulness of methodological -
advice founded on such bases as quantitative methods and a Hempel-Popper view
of epistemology.

What would be an alternative basis for methodological advice? In contrast to
DSTs (9) definition of science as “primarily [its] rules and methods”—and not its
subject matter—Paul Diesing (1991: 108) quotes approvingly the hermeneutic
maxim “no knowledge without foreknowledge,” suggesting that what researchers
already know has a decisive impact on how they conduct research. Indeed, the
relationship between a researcher’s knowledge of the system being studied, and
the choice of research method and the interpretation of research findings, is a cet-
tral issue in a variety of contexts. This relationship is important in the choice of
subjects to be investigated, in the choice of the case-study method rather than a
quantitative method, in the selection among alternative models to be applied to the
data and in the interpretation of findings, in the choice of counterfactuals to be
assessed, and in the interpretation of the findings of a single case. Although think-
ing of researchers as folk Bayesians in their approach to these topics is helpful in
making sense of some practices that otherwise appear puzzling or just mistaken,
there is little to be gained and much to be lost by interpreting everything that a
researcher does or thinks from a purely statistical or quantitative standpoint,
Bayesian or otherwise.

A more general point is that researchers almost never begin from the starting
point envisioned by Descartes or Hume—their thought experiments involving. :
radical doubt radically misstate the research challenge. Typically, the task is not -

s,



